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Diffusion-VLA: Generalizable and
Interpretable Robot Foundation Model
via Self-Generated Reasoning
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CoT-VLA: Visual Chain-of-Thought
Reasoning for Vision-Language-Action
Models

Qingqing Zhao, Yao Lu, Moo Jin Kim, Zipeng Fu, Zhuoyang Zhang, Yecheng Wu, Zhaoshuo Li, Qianli Ma, Song
Han, Chelsea Finn, Ankur Handa, Ming-Yu Liu, Donglai Xiang, Gordon Wetzstein, Tsung-Yi Lin
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ACoT-VLA: Action Chain-of-Thought for
Vision-Language-Action Models

Linging Zhong, Yi Liu, Yifei Wei, Ziyu Xiong, Maoqing Yao, Si Liu, Guanghui Ren
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